ar -:f = a aa ¥ ¥ =y = L=} = af
asviuneradugnslunisBeuivainlssiuvasliaUsgans UrnINe1agysun
A2UNITIATIEINITTIRUNLATINBNUTZUUUTZA
Prediction of Learning Achievement on Elementary Statistics Course of

Burapha University Undergraduate Students by Discriminant Analysis and Neural Networks

Vel wiagnssel* uazfininig enesy
MadnAdinA1dns ANEINEIEERT UUTINETRBYITN

Preeyarat Naksuwan* and Kidakan Saithanu

Department of Mathematics, Faculty of Science, Burapha University:

UNANED

nﬁmmEJNaauqmﬁIuHWiLiawuawmmLﬂmmmim}umiaaﬂui pruU3eyay e Loy Foediniloiu voamineds
YTHA Husuiiennuazinmieanuansnsg qm'mamqumm@UsvaaﬂmammamaamwﬂumilﬁammamLuawu FIUUY
mmamaauqmﬂummaumwmmmﬂmﬁaw~Luammaﬂmma&mwaauamvmﬂimmmi UNINSEY TN iuﬂmimm
2553 wummLmiaaiywumma*vﬂgu“l:umi—;m‘wumm'u.rmLiamaquamluﬂﬂiﬁﬂwﬂﬂidu oun e feiiianfne aadugns
Tun1sEeudnunanae s ddunir it lumaGouiihmsinuiiusdien insaeisdranveiidatoudn
wiivende uasinsaadsdvantayiuyeian anuuUsmuTldvhuneraiugrs lunaEolasimuslaenisudanguidn
W 3 ngu lawa 1) ﬂamlmmaaquﬂum‘sﬁ‘emmuuawmlﬂmim W e £\2) namﬁmﬂuuamwlmﬂm D uwag 3) ﬂauﬁﬁ
NaamqwﬂumiLiaumuuamwimmw A, B+, B, C+, C uagD+ ﬂ'l‘ﬂTUﬂ’ﬁEﬁNC‘]?LLUUﬁ]vﬁiuﬁlﬂGﬂﬂJWQﬂﬂﬁ’JLﬂiﬂ RNIFIUN
wazAne YT UUUTE AW Imami'smmvmmimL,Lumﬁmﬁmwwumuawumaaummanm Turauefivignuszuudseay
DAt slddesnsteaunfdetialar wamm%wm’lmu:umjwmwuﬁwwszawmmmmLLuﬂﬁJimmmmﬂqmaamqm
TumsSeuldaniimsimseinssun Sudiinldnindrdunnugnieswesianuulunsdiunyaasming confusion ves
Fayanamualunisaiiuuuisnusguulsamilawindu 76.9% WaEMILUUNNTIATIZAN1IIUNIA Y 67.1%

o

ANFA maauqmﬂuﬂmiau ﬂ"i'ﬁ'ﬁL‘F]‘i'l“"ViﬂWﬁﬁﬂLLUﬂ PraguTEUVUTEAm Yng9usEUUUsTELUY MLP

*Corresponding author. E-mail: preeyarat@buu.ac.th

Preeyarat Naksuwan and Kidakan Saithanu / Burapha 5ci. J. 17(2012) 1: 59-68 i



Abstract

Prediction of learning achievement on any undergraduate educational course is a challenging task as well as
the Elementary Statistics course of Burapha University. This study is purposed to predict the learning achievement
of Elementary Statistics course. Model to predict learning achievement is considered from Burapha University
undergraduate students enrolling of Elementary Statistics course of an academic year 2553. It found that important
independent variables in determination of student success in this study are sex, faculty, learning achievement of
Calculus course, this enrollment of Elementary Statistics course is whether the first time, high school grade and
GPA. For dependent variable in prediction of learning achievement is determined by grouping students into three
categories: 1) failure group, students who got grade W and F 2) risk group, students who got ‘grade D and 3) success
group, students who got grade A, B+, B, C+, C and D+. Modeling is applied both Discriminant Analysis, based on
statistical assumptions, and Neural Networks, does not need any statistical\assumgtion. The result of this research
shows Neural Networks model is able to classify the sroup oflearning achievermnent better than Discriminant Analysis
model as seeing from Neural Networks model correctionproportion af\confusion matrix from test data set is 76.9%

versus 67.1% for Discriminant Analysis model.

Keywords : Learning Achievement, Discrifiiinant \Analysis, Neural Networks, Multi-Layer Perceptron Neural Network
(MLP)
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